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Abstract

Targeted response inducement strategies have become increasingly popularin recent
years. A number of studies have shown that such strategies can be a cost-effective way
to bring about a usefulimprovement in response rate and/or sample balance. However,
the design and implementation of targeted strategies depends on prior information
about sample members, for example from an informative sampling frame, to identify
groups to target. Furthermore, many of the successful implementations of targeted
methods have been on interviewer-administered surveys, where the interviewers can be
the conduit of the targeted procedures. The design of targeted procedures is therefore
particularly challenging in the case of self-completion surveys with address-based
sample frames, as there is neither an informative sampling frame nor are there
interviewers who can behave in targeted ways. In this article, we attempt to identify and
describe promising approaches to targeted design in this situation. We also identify a
research agenda which could lead to better-informed survey design and hence more

effective survey data collection by self-completion in future.
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1. Introduction

Survey research commonly relies on standardisation, where all sample members are
subject to the same set of recruitment and data collection procedures. In recent years,
targeted designs have gained popularity as an alternative to standardised designs (Lynn,
2017a). Published literature provides evidence of the effectiveness of targeted response
inducement strategies and a number of surveys now utilise targeted features in their

designs (Sladka & Lynn, 2025).

Targeted designs can be defined as those where design features are varied between
subgroups of sample members, and those variations are identified prior to data
collection commencing (Lynn, 2017a). This sets them apart from tailored designs,
which treat individual sample members differently based on their characteristics and
behaviour (Couper & Wagner, 2011), and responsive designs where indicators are
monitored throughout the fieldwork period, allowing for adaptations to be made after
data collection has already commenced in response to observed survey outcomes

(Groves & Heeringa, 2006).

The pre-planned nature of targeted designs means that information about sample
members needs to be available before data collection begins in order to identify the
subgroups to be targeted and the appropriate variation(s) in treatment. In some cases,
the required information can be obtained from the sampling frame, however, in many
countries only address-based samples — which typically lack any useful information
about the addresses — are possible for general population surveys. For example, 14 of
the 31 countries participating in round 11 of the European Social Survey relied on an
address-based frame (European Social Survey, 2023). This makes the implementation

of targeted procedures challenging for many surveys.

The changing role of interviewers in the post-pandemic world where a number of
surveys are shifting to self-completion poses another challenge, as much of the existing
research on targeted response inducement strategies was carried out on interviewer-

administered surveys and relied on interviewers to implement the strategies.
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Consequently, some of the targeted strategies that were found to be effective in earlier

studies cannot be applied to self-completion surveys.

This article will attempt to tackle the challenge of designing targeted procedures for
self-completion surveys with address-based sample frames. It will do this by identifying
the kinds of targeted response inducement strategies that can be used on self-
completion surveys (Section 2), discussing how subgroups suitable for targeting can be
identified in address-based samples (Section 3) and reviewing existing evidence as to
which targeted procedures are effective (Section 4). Following this, we will discuss the
implications and will identify what else we need to learn in order to better inform future

targeting strategies for self-completion surveys with address-based sample frames.

2. Targeted procedures for self-completion surveys

A targeted design feature can be categorised across 3 dimensions: the agent of change,
the mechanism through which the change is achieved and the outcome that will be
affected. (Lynn, 2017a). Many of the existing studies of targeted design features rely on
the interviewer as the agent of change, making them mostly irrelevant to the self-
completion context. The one exception of an interviewer-administered feature that
could be relevant to self-completion surveys is the knock-to-nudge approach, where
respondents receive an in-person visit in order to nudge them to complete the survey
(Domarchi, Maslovskaya and Smith, 2025). Knock-to-nudge visits can be introduced, or
their number can be varied as a way of targeting particular subgroups. This is done on

the UK Labour Force Survey (Fraser, 2024).

Targeted features aimed directly at the respondent, on the other hand, all have
relevancy to self-completion and studies of these features conducted in a face-to-face
context can be drawn upon when designing targeted strategies for self-completion. The
content or design of respondent communications such as invitation letters, reminders,
between-wave mailings or landing pages of web surveys can be modified to appeal to
targeted subgroups. The number and timing of respondent communications such as

reminders can be varied between different subgroups. Respondent incentives can be
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introduced, or the nature or value of incentives can be modified as a way of targeting

particular subgroups. Finally, an alternative data collection mode, such as a paper

questionnaire as an alternative to a web questionnaire can be offered to certain groups

of respondents. Table 1 summarises design features that could be applied in a targeted

way in self-completion surveys.

Table 1: Design features that could be applied in a targeted way in self-completion

surveys

Design feature

Mechanism & outcome

Intervention

Communication content/design

Should motivate the sample
member to take part in the survey

Invitation letter

Reminder letter

Should motivate sample members
to begin the questionnaire

Landing page

Questionnaire design

Should motivate the sample
member to take part in the next
wave of a longitudinal survey

Between wave mailings

Communication protocol

Should improve chances that
sample members are located at
next wave of a longitudinal survey

Contact information request

Should improve the chances that
sample members are contacted

Timing/number of reminders

Use of registered/special mail

Knock-to-nudge visit

Data collection mode

Should make accessing the
questionnaire easier for the
sample member

Mode assignment

Provision of alternative mode

Incentives

Should motivate the sample
member to take part in the survey

Differential incentive value

Extra incentive

Incentive timing

3. Targeted procedures when using address-based sample frames

A persisting challenge in address-based samples is how to obtain the information

necessary to identify the subgroups to be targeted. Typically, address lists used as

sampling frames contain no information about individual addresses other than



geographical location. A solution is to link data from external sources to the sampling
frame using geographical identifiers - an approach already utilised by some survey
agencies (DESNZ, 2023; DCMS, 2023; DCMS, 2022; HMRC, 2023; Kantar Public, 2023), as
well as published studies (Jackson et al., 2020; Fraser, 2024). The availability of such
data differs by country and the sampling frame used. In the UK there are many
geographically-referenced datasets available for linkage to the postcode address file
(PAF), the address list commonly used for social survey sampling
(https://www.poweredbypaf.com/postcode-address-file/). Linkage can be done via
either unit postcodes or grid co-ordinates, to any other data sources that uses the same
geographical identifiers, or via standardised areal units that can be delineated in terms
of those identifiers, such as output areas, lower layer super output areas (LSOAs) or
electoral wards. Many small area statistics that are available for some of those
standardised areal units come from official sources such as government departments
or the Office for National Statistics —including data from the Census of Population
(https://www.ons.gov.uk/census), Index of Multiple Deprivation
(https://data.geods.ac.uk/dataset/index-of-multiple-deprivation-imd), Labour Market
Statistics (https://www.nomisweb.co.uk/home/profiles.asp), Crime statistics or Rural-
Urban classification (https://www.ons.gov.uk/methodology/geography/
geographicalproducts/ruralurbanclassifications). While some of these are public
access, others require a special license or other form of access agreement. Apart from
official sources, geodemographic data can also be obtained from commercial sources.
As an example of this approach, several studies conducted by Verian use the Index of
Multiple Deprivation combined with predictive household structure data from CACI Ltd
to inform their targeted designs (DCMS, 2023; DCMS, 2022; HMRC, 2023; Kantar Public,

2023). Similar approaches are likely to be possible in many other countries.

A screening stage prior to the start of the main stage of a survey could also be used to
obtain information about sample members. This method has —to our knowledge — never
been tested as the sole source of information for a targeted design, however, one
experimental study did utilise data from a screener stage as an additional source

informing their targeted design (Zheng et al., 2024).



Finally, it is worth noting that longitudinal studies are a special case among address-
based samples, where obtaining information about sample members is only an issue at
the first wave. In subsequent waves, data collected at previous wave(s) is commonly

used to inform targeting.

4. Which targeted procedures are effective for self-completion surveys

with address-based sample frames?

Table 2 summarises studies of effectiveness of targeted features that are relevant to the
self-completion context with an address-based sampling frame. These studies were
identified as part of a larger evidence review on targeted procedures (Sladka & Lynn,

2025).

Table 2: Summary of studies of targeted features relevant to self~-completion surveys

Intervention No. of studies Studies showing effectiveness

Invitation letter 4 Lynn (2016), Atchison et al. (2025)

Reminder letter 0 -

Landing page 0 -

Questionnaire design 0 -

Between wave mailings 2 Fumagalli et al. (2013); Cleary & Balmer (2015)
Contact information request 0 -

Timing/number of reminders 0 -

Knock-to-nudge visit 1 Fraser (2024)

Mode assignment 1 Luiten & Schouten (2013)

Provision of alternative mode 1 -

Differential incentive value 3 Jackson et al. (2020); Beste et al. (2023)
Extra incentive 3 Zukerberg et al. (2007); Atchison (2025)
Incentive timing 1 McGonagle et al. (2023)




4.1 Invitation letter

Lynn (2016), Einarsson et al. (2024) and Zhang et al. (2024) on mixed-mode surveys, as
well as Atchison et al. (2025) on a push-to-web survey, experimented with targeted
invitation letters. All four based their targeted subgroups on respondent characteristics
and adjusted the wording of the letter to appeal to each subgroup. Lynn (2016) and
Atchison et al. (2025) both used data from previous waves of longitudinal surveys to
inform their subgroup selection. The former targeted young respondents (aged 16-29),
pensionable respondents (aged 60+ for female and 65+ for male), respondents with
children below 16, London-dwellers and those labelled as ‘employment busy’ (who work
long hours or have long commutes). The latter targeted the youngest (aged 5-10) and the
oldest (aged 70+) sample members. Einarsson et al. used data available in the sampling
frame (Icelandic National Register) and targeted respondents living in Reykjavik, those
living in the Southern district, as well as young respondents (aged 18-35). Zhang used
commercial geodemographic data (Esri Tapestry Segmentation:
https://www.esri.com/en-us/arcgis/products/arcgis-data/explore/tapestry-data) to
identify subgroups of interest and targeted respondents living in areas with a large
proportion of Hispanic residents. Lynn (2016) and Atchison et al. (2025) both reported
improved response rates among the treated respondents as a result of targeting and

hence reduced overall variation in response propensities.

4.2 Additional reminders

The UK Community Life Survey targets a third reminder mailing to sample addresses
estimated to contain solely residents aged under 35 years and to addresses in the most
deprived quintile of small areas in the UK. This group was identified through analysis of

response data from earlier surveys (DCMS, 2023).

4.2 Between wave mailings

Fumagalli et al. (2013) and Cleary & Balmer (2015) both experimented with targeted
between-wave communications on longitudinal surveys. Using data from previous waves
of their respective surveys, the former targeted two different subgroups with low

predicted response propensities- namely young people (aged 16-24) and busy people



(who work long hours or have long commutes), while the latter targeted respondents who
were co-habiting or married, employed or unemployed but economically active, and
respondents who reported experiencing at least one of fifteen social issues that were the
subject of the survey. Both studies reported improved response rates in the targeted

groups, with Cleary & Balmer also seeing an overall increase in response rate.

4.3 Knock-to-nudge visit

Fraser (2024) used Office for National Statistics Population Estimates, Urban/Rural
classification and the Index of Multiple Deprivation — all at lower super output area level
— to calculate response propensities in order to inform a targeted knock-to-nudge
intervention in the context of a self-completion web survey, the Transformed Labour
Force Survey. Sample households were sent a pre-notification letter, a letter inviting them
to the web survey, and a reminder letter 12 days later. Sample households living in urban
areas, more deprived areas, or where the average age is under 45, were selected to
receive knock-to-nudge visits if they had not responded two weeks after the invitation
was expected to have arrived. The data shows improved representativeness and an

increase in return rates compared to previous cohorts that did not use targeting.

4.4 Mode assignment

At the initial self-completion stage of a sequential mixed mode survey, Luiten &
Schouten (2013) assigned sample members with high cooperation propensities to web
mode, while those with low propensities were sent a paper questionnaire, with the aim
of reducing variation in response propensities. The final response rates of the two
propensity groups were closer to each other than in the web-first mixed-mode reference
survey, with the high propensity group actually having a marginally significant lower
response rate than the low propensity group. Understanding Society, the UK Household
Longitudinal Study, used mode-specific response propensity modelling to target a face-
to-face initial approach to the small subset of sample households (less than 10%)
whose overall response propensity was estimated to be lower if initially invited to
complete online (Lynn, 2017b). All other households were initially invited to a self-

completion web survey.



4.5 Provision of alternative mode

In an otherwise web-first mixed-mode survey, Zhang et al. (2024) provided respondents
living in areas with older populations and lower internet speeds with a paper version of
the questionnaire concurrently with the web invitation. The design was not shown to have
any effect. The Department for Culture, Media and Sport Participation Survey (DCMS,
2022) and the Community Life Survey (DCMS, 2023), both run by Verian in the UK, include
a paper version of the questionnaire along with the second reminder mailing in an
otherwise web-only design, but only to a targeted minority of sample addresses, namely
those in the most deprived quintile of small areas and addresses where all residents are
estimated to be aged 65 or older. This design was informed by an experiment carried out
on the 2020-21 Community Life Survey (Kantar Public, 2021), which found that provision
of a paper questionnaire to this subgroup should reduce overall variation in response
propensities. Earlier analysis (Williams, 2019) had shown that paper questionnaires

disproportionately improved response rates for certain subgroups.

4.6 Differential incentive value

Jackson et al. (2020) on a mail survey and Beste et al. (2023) on a mixed-mode survey
both used predicted response propensities to identify subgroups to receive higher-value
incentive(s) and report an increase in response rate among the treated low propensity
cases. In Jackson et al. (2020), however, this increase does not offset the decrease in
response rates in the two highest propensity groups, which was caused by lowering their
incentives in order to compensate for the increased incentive value in the low propensity
group - leading to an overall decrease in response rate. Brown et al. (2023) also
experimented with differential incentives on a mixed-mode survey, offering prior wave
nonrespondents higher incentives than prior wave respondents. No significant

improvement was seen among the treated non-respondents.

4.7 Extra incentive
Zukerberg et al. (2007) experimented with offering an incentive to sample members in

groups with low response propensity, while other sample members received no



incentives, and observed an improved response rate (quoted in Lynn 2017a). Zhang et al.
(2024) offered an extra incentive to new sample members who had not been successfully
contacted within the first 14 days of data collection. This design was not shown to have
any effect. Following the results of an incentives experiment in a previous round of the
REACT-1 Study, Atchison et al. (2025) offered targeted incentives (conditional on
returning a swab test) to the youngest three age groups, and no incentives for other age
groups in the final two rounds of a push-to-web survey. This intervention led to an
improved swab response rate among the targeted groups and a decreased variation in

response rate by age.

4.8 Incentive timing

On a CATI survey, McGonagle et al. (2023) experimented with offering sample members
labelled as high-effort double the standard incentive if they completed their interview
within the first month of fieldwork. High effort was defined as requiring the highest
number of contact attempts at the previous wave or being eligible for upcoming
supplemental studies. The study saw an increase in response rate among the treated

cases.

5. Implications and discussion

We have identified design features and specific interventions that can be used in a
targeted way on self-completion surveys (Table 1) and we have provided an overview of
existing evidence on the use and effectiveness of these procedures (Table 2). Targeted
invitation letters, between wave mailings, knock-to-nudge visits, mode assignment,
differential incentive value, extra incentives and incentive timing have all been shown to
be effective by at least one experimental study. Furthermore, some of the targeted
interventions for which there is no experimental evidence of effectiveness, such as
targeted provision of alternative mode, contact information request, and varying
number of reminders have been, or are currently being, used on surveys in the UK (see

Sladka & Lynn, 2025). The remaining interventions listed in section 2 are ones that-to
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our knowledge — have neither been tested nor used but could have potential to be

applied in a targeted way on self-completion surveys.

Examining existing methodological research into the relevant design features could help
to inform their development for targeted use. Where data from methodological
experiments allows for comparison of effects between sample subgroups, secondary
analysis of this data could simulate the effect of targeting and thereby help to identify
appropriate ways to target design features. For example, experiments with randomised
allocation of incentive treatment, of which there are many, could be re-analysed with a
view to identifying the optimum allocation of incentive treatment to subgroups in order

to achieve minimum variation in response propensities for a fixed budget.

Another area of interest for future research is improving the effectiveness of already
tested features. While we know that targeted invitation letters can be effective, for
example, there is room to explore what types of messaging work best for which sample
subgroups. Initial qualitative research designed to identify messaging that resonates
well with different subgroups could inform new quantitative experiments. The risk with
such experiments (of damaging survey response) are minimal, so we suggest that such

experiments could be incorporated into large-scale surveys.

Finally, we have discussed the challenges of obtaining data about sample members in
address-based samples in order to be able to define and identify subgroups to target. In
longitudinal studies, this issue only exists at the initial wave, as subsequent waves can
utilise data collected at previous waves to inform targeting. The solution most
commonly seen in survey practice for cross-sectional surveys is to link data from
external sources, such as the census or deprivation indices, to the sampling frame
though the availability of such data may differ by country. In the UK, a wide range of
such data is available and can provide an effective basis for the development of
targeted designs for self-completion surveys even when the sampling frame is an
uninformative list of residential addresses. Further research could usefully explore the
relative performance of different data sources and different variables for defining

groups to target. A screening stage prior to the start of mainstage fieldwork is another
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possible way of obtaining data to define targeting groups. This may be most suitable for

exploration on local surveys, such as those covering a single city, where in-person

collection of observation data for a survey sample (of addresses) may be feasible.
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